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Abstract

Soil scientists have defined soil-forming factors to explain the similarity and dissimilarity of soils. The
hypotheses of Dokuchaev and Jenny forms a fundamental scientific rationale for digital soil mapping (DSM)
and has been developed to modern DSM models. Purposes of soil mapping and modeling are to understand
spatial patterns leading to knowledge formation and to interpret relationships between soil-and ecosystems in
a meaningful manner. Predictive DSM engages multi-dimension across interdisciplinary fields and it is based
on analyses of spatially distributed quantitative characteristics of soil-related predictors. Such analyses
involve various mathematical and statistical models. Thailand has developed soil survey techniques to create
its own general soil maps since the World War Il. Soil dynamics and anthropogenic perturbations stimulate a
call for technology-based soil mapping development in this nation. To overcome ongoing global environ-
mental issues, such as global climate change, and unforeseen adverse effects on the environment, horizontal

and vertical growths of DSM are needed in the future.

Keywords: Digital soil mapping, evolution, application
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