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Abstract

Multi-Criteria Decision Making (MCDM) is the integration of the three crucial elements which
include searching for solution, proposal for alternatives and decision on selection. The aim of MCDM analy-
sis is to choose the best alternative of all. In relation to this, the paper focuses on three MCDM methods:
the simple additive weighting (SAW), the analytic hierarchy process (AHP), and the technique for order
preference by similarity to the ideal solution (TOPSIS). The first method, SAW, is the method which is not
complicated, but usually produces overrated output. It, therefore, is suitable for the beginners or coarse
analyses. The AHP, the second one, emphasizes on hierarchy process and assessment of pairwise com-

parison of the elements. Despite its complicated assessment of pairwise comparison and consistency ratio
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calculation, the AHP results are in unbiased judgment. The last one is TOPSIS which focuses on determi-
nation of positive and negative ideal point values. Unlike SAW and AHP, which choose the highest score,
the best alternative of TOPSIS is the one that is closest to the positive ideal point and farthest from the
negative one. TOPSIS, as a result, assists in the understanding of the worst and the best value of each
map layer. Concerning TOPSIS, its calculation for relative closeness to an ideal point is complicated. How-
ever, two important factors which are in connection with MCDM analysis are decision rules and criterion
weights as both of these affect the calculation for suitable alternative.

Keywords: MCDM, SAW, AHP, TOPSIS
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