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Abstract

This research aimed to compare the efficacy of a data mining technique in modeling parental opinion on
the use of their children's smartphones. This research investigated opinion mining, comparing the model
performance of 6 techniques: the RIPPER, C4.5 decision tree, Naive Bayes, Support Vector Machine, K-Nearest
Neighbor, and Random Forest technique to analyze the opinions of parents on the use of smartphones of their
children. Therefore, the data was collected from only the Thai texts of parents' opinions on the social platforms:
Pantip and Facebook, a total of 1, 925 messages. In this process, only adverbs were used to classify the state of
the word, conveying both positive and negative sentiments well. The researcher applied the 10-fold cross-validation
performance measurement technique to cluster the learning data and the testing data and measure the model
performance using Precision, Recall, and F-measure. After testing and measuring the performance of the model, it
could be concluded that the Random Forest technique was the best technique to analyze the opinions for this
data set. Conclusively, this Random Forest technique provided a model performance score of 83.85% with Precision
of 89.62%, Recall of 78.38%, and F-measure of 83.55%.

Keywords: Model performance comparison, Opinion classification model, Data mining techniques, Parents' Opinion
of Your Child's Use of Smartphones
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Figure 2 FROM URL: https:/www.facebook.com/saraphanpunha/posts/2535057453391876

Date Comment
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25/4/62 stuidien Al book uazeninsatilaansed nudsadtuazualsmeiiflsslamnisadnes uidasedluauguazas

Figure 3 Examples of comments collected in Microsoft Excel
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1) msudlvAda Tunsudlyiiadidele
dayaringlusunsunisamuin Microsoft Excel wag

Table 1 Wrapping examples

Iimsudluifnlaenisdumdiuifinves A
Wunwmauazdadydnualing q TliAeidessentd
2) nthudadrgnssuiunisdadiselusunsy
w1 Python lava13ves PyThaiNLP Asuanslu Table 1
3) MIIAINRIAT NAWILNTLUIUNIARAT IR
Fmeparldsnton 5,409 &1 Tasmsldwauynaulnely
nueNUIzINYeIAl Aauandlu Table 2

Comment Cut

1 Aovie, Ao, Andle, o, Az, wuzih, n3dl, gnana, 1, 7, v, wé, e, ueaz, 137, andl, 2z, T, wiw, Wiséwi, van, ied, an, Az, 151, 92, an
aq, i, 91, 2z, L, fn, Wsdwid, nnay, i, W, an, 19, aumun, 1an, gn, 150, 10, Uaee, T, v, 16, wa, udy, .

2 viany, 130, A, fn, nud, ua, T, A5, ven, eels, A, e, Sulinveu, Ses, Saw, wisnz, udl, 1A, T, anula, e, 1, Sullnvey, dw, ves,
s, guadaes, I, v, avls, Lag, uag, vie, g, 10, us, i, awa, lai, 9, wsunde, g, e, vifie, wiin, insdla, ..

3 1@, 918 9, flngy, 8, Aaseuuay, in, 9, 84, 1, §, F9rsauee, e, fos, Aoy, Az, §

4 7, vy, w1, weusl, Wies, sen, Wnrlew, A, 101, flefle, I, gnidu, ud, in, 9y, awediy, fotle, au, T, w1, nw, vieud, us, we, wu 9, 1y,
naneu, andie, Tefle, 7, wu, Yes, e, i, T, anweany, sersy, L, &, sedeudly, M5, aud, du, v1e, Juauins, ...

5 2, W, aev, Ty, uzez, 8, gnam, ez, ud, 157, L, I8, i, es, 98, weee, dauann, 9y, Dy, 73, 9, 9, ey, und, Ussaney, T, ag, widl,

wal, lad, e, ez, Tefle, §, W, 115, g, Uhe, us, Ao, drelles, Bs, uny, ld, &, T, 1, evls, wsen, an, 14, il WO, dx, gn, ...

Table 2 Example of specifying word types

Word Word type
mWAva 2.
W 2.
v .
Uy .
&al
Af 2.
v U,
LWAG u.
wal .
-
A U.
LALs 2.

4) n13fndenAudnyue lagidiantan
WINEAIABAITIUIY 671 AT UITTYATUAIUNANIBLT
1IN Weau waziunans n1sszyasiinnsadud o lae

v
' o o

ldaulavselon wanazauniamAvITdnyueA S1uu

394 /1 Tnguusdoanidu 2 ngu Ao Aunuaudnve
WUInkasALNUALEN BUzEEY Awandly Table 3

Table 3 Examples of adverbs that state the feelings of positive and negative commentators in the word bag

Word Word type Weight
AR 2 -1
fieng 2. -1
f25M 2. -1
IOUUIY 2. -1
A5 2. -1
Lo 2. 1
A 2. 1
Al 2. 1
yiualy 2. 1
nan 2. 1
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Table 4 Characterization example

Y o
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WU ANUAALALLTIUIN e P
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WU ARG e N

wifmnAaAvesRndn vz FUINLaT LS
auwiiy Asunu e B LLazﬁﬁammﬁu%Qﬂﬁmaaﬂ N
wanslu Table 4 u&dwhnsavumdsiidenu P ey
N een feuftazirdeyafinaluadrauuudians

Message woiia  fitns 112517 seuwsy ndn Ad Ald vhueds adr .. P N Class
1 0 0 0 0 0 0 0 0 1 3 1 P
2 0 0 -1 0 0 1 0 0 0 1 0 P
3 0 0 0 -1 0 0 0 0 0 1 1 B
4 0 0 -1 0 0 0 0 0 0 0 1 N
5 -1 0 0 0 0 0 0 0 0 1 2 N

Mndorudaiiuianun s1uau 1, 925 feaiu
wuhiderudifinnudadudauan S 528 deanu
FornuiifianuAnfudeay $1uau 809 doanu way
Fopuiiianudaiudunans i 588 deau Tag
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Yoyadiivuanaalfizeusoond Fsuvady Growing
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%9113 pruning Yeyaviui dielwldnasenuudndud
welasnndign

walasuliidadula @45 Junalaituiles
Foyaiiduifouuinn ieaniduiimsieseiiig
sen1sinaunue fuliidadulatuszussneuludae
Tnun Feazsimihilunisuansaadnuasilddmsums

25

naaouteya Aududiuiozuansnuanlulnueilés
nsuaneeni wazluazuaningunienaraiildiinng
fvuaiely wazlumenuduiusvosusagivuaiians
Andnuagiuarldannuamg (information Gain) Lite
meanuduiusveslundaslvuanaanuae laen1sldan
dh31dnu (Gain Ratio) Hazteansuiuadeiildlunis
nageuuaziliuliFaauladldlifaududeunin
uiuluasauaninismuuAnuAugla
wiadlawdviug [12] Sugrunanngueaud
IagagiinsieTgiauduiusseninaduusdassus
agffuiulsmy eahadeulvaruninasfuveaus
azanuduRus na1afs armtiezduveangnisali
Aindu (A) dit imgnisaiBnimgnisaivilainuiuda (8)
aunse Weulveglugusgedty
wiadadnwnesaawmesuurdu [12] WJumeda
iioanruRanainannisviiue dadumaiailily
nsuAtyminieaun1sidngluuudeyaenfendnnis
Fuunvaang deyanion1smszuiuandulawaz s
fayasanidu 2 diu lngazngremadiadunyme
Asnanssemrinanguliilsyazsemrinaveuianiio 2 nauunn
fian iemszurunsdndulalunisudadeya Tagld
fladduududmiudiedeoyasin input Space luda
Feature Space TudnwagiTaidu
wadaeidesisauued (147 HuasAldlunns
Fouvsnana Tnsmeadadasdadulad aandlafiasuny
Goulavdensdllva 4 Tadhs Taenisasavaeusauui
vaansdivielteulufimiloutundelndifssiumniian
Tngazmuasinvesiuiudouly wiensdeng q dmy



a

NITINeEnansuazinalulag unnIne1dauasesn U 23 adudl 1 ileuunTeu-luwie 2564

wiazaana wavimundeululud o Weanafimiloudy
fuamaiflndifsstunnniian Sstumeuisnaiioudu
néftandudunaiaililunissuunndudoya lnens
Sndoyattoglnamiliiunguieafuianaindogyinli

v a

sndaulalain aanalnuiazunuteulanionsdlve 1o

v

{3 Tagn1sasiaaeudiuiu K Faimndeulvveanis
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8asva1n Decision Tree Tuusazdugnihundadunanis
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Random Forest liidnfusesfifoyannaeu ileUszuna
AuRawaninsIzdeya 00B tugniiulinaasy
Decision Tree Hudn
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TP
TP+FN

(D

Precision =

AANUsEaAN (Recall) Ao NMSTAMINNETINNSE
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finnsgniseenin Wguiuiwuenasiinetosianun
FeaunImlaInaun1g Aaun1si 2

TP
TP+FN

Recall = 2
Tagil TP fio Srunudeyaiinuudaesnensaild
9L NYNFIBY
TN o Sruaudeyaiinuudasswensails
9ENYNFIBY
FP Ao drunuteyafiuuudiasameinsalld
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A1AUENE (F-Measure) Aon13inUseansaw
Tngsauveetaas sisEnineAALiug LarA1AIL
sgdn wieuduvedluing lnefiarsuueniiagaaid ¢
aun1si 3

2xPrecision+Recall
F — Measure = ——— (3)

Precision+Recall

e Precision Ap AANNLLUGIvalLUAE

Recall @g AANUSEANYaIlUAE

3. HAN1TATY
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3.1 N19USEUBUUSEANS NMWVB UL
AsSeuiguuseansanveatuuinasaluanwisedls

100.00
95.00
90.00
- 85.00
5] 80.00
o 75.00
& 70.00
65.00
60.00
55.00
50.00
1 2 3 4 5
=== R|PPER 83.02 75.47 84.91 79.25 77.36
e==@===Decision tree C4.5 77.36 73.58 86.79 73.58 79.25
Naive Bayes 79.25 75.47 86.79 81.13 88.68
SVM 83.02 77.36 79.25 81.13 77.36
@@= Random Forest 81.13 79.25 79.25 75.47 81.13
@ KNN 79.25 75.47 77.36 73.58 77.36
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Figure 6 F-measure
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No. Rule
Rule 1 (lai>= 0) and (usi>= 0) and (p81>= 0) => class=p
Rule 2 (>= 1) and (nd1>= 1) and (f>= 1) => class=p
Rule 3 (@n>= 1) and (li>= -1) and @>= 1) => class=p
Rule 4 (lai>= -1) and (i>= 1) and (si>= 0) and (ue>= 0) => class=p
Rule 5 (wsi>= -1) and (WN>= 2) and (LABUAE>= 0) and (A121512>= 0) => class=p
Rule 6 (fhe>= 1) and (lai>= -2) and (WA>= 0) => class=p
Rule 7 (li>= -1) and (A35>= 1) => class=p
Rule 8 (oi>= 1) and (lai>= -1) => class=p
Rule 9 (n1>= 1) and (ue>= 0) and (lai>= -1) => class=p
Rule 10 (Lileidmei>= 1) and (wi>= -1) => class=p
Rule 11 => class=n

Figure 7 Ripper model
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