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Abstract

Nowadays, The rate of admission to higher education was reduced but contrary to
the number that the university has announced. Therefore, there is a competition for
recruiting students to study in universities, both public and private sectors, with different
strategies for each institution. The research was presented this time is another strategy.
Finding those who are reluctant to choose to study with a university as a way of persuasion
By using machine learning techniques with algorithms, the decision tree was extracted from
the applicants to the university. This machine learning uses 6,000 records of past applicants
from Chandrakasem Rajabhat University from 2017 to 2019. It was found that the
qualifications of applicants that could be classified into a reluctant group were application
field, GPA, family income, domicile, school and gender. The classification efficiency was
95.89% compared to SVM, KNN, Naive Bayes with classification efficiency of 87.67%, 85.50%,
and 82.63%, respectively.

Keywords: Machine learning, Decision tree, Classification, Hesitant candidate
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AseUAR Rdiun Yssiavlsafeu wagima suddularlduananguessulsifaaulassguil 4

Major 0.5
gini = 0.492
samples = 170
value = [74, 56)
class =1

Income = 4.5
gini = 0.485
samples = 20

value=[11, 9]

class =0

Income s 2.5
gini=0.444
samples =5
valus = [1,2]
class =1

3UN 4. nguasiuliidinduladmsviuungainsiidualunsdndulafinudeiiieadnagns
atfuayunisindulaliidrAnwisie

4. MswIguiiisulssansan

nMaUSsuifisulssaninmdmiumssuundeyaddaladdnuselun1siteadsdlden
AUQNABY (Accuracy) AMAIINLN UL (Precision) ATAIINTEAN (Recall) wagen F-measure
ansnsodwalldanaunseeluil
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Accuracy = TPATN

Y = IPITN+FP+FN
TP

TP+FP

Precision =

Recall =

TP

TP+FN

F — Measure =

g

Accuracy fi® A1AUYNEBY

Precision A ANAIULUUEN

Recall s A1AUSEAN

2X(Precision*Recall)

(Precision+Recall)

F-Measure B ANLRAYENSLUNNYBIANULLUE

True Positives (TP) fie deyaiiliiu Positives wagdwunindu Positive légnios
True Negatives (TN) fio Yoyafiiiu Negatives uagduunindu Negatives léignifes
False Positives (FP) e deyailliiu Negatives uazduuninduiiaindu Positives
False Negatives (FN) fio doyafiitu Positives uazduuninduiininiu Negatives

NIATIMeIEEnsaInnszUs IN 30 aUuil 2 Weunsngiau-suaw 2564

nsnegeuUsEAnsannisduungadasidualunsdnduladdnuisielaglddanesiu
aulddndula dane3fiudnnesannmesunsdu danesfiuieutiulndvian wardanesiiumeia

PdNE lonasadl

= = = a a o v
M1319N 6. Naﬂ']iLUﬁEJ‘ULwauﬂﬁxﬁmﬁﬂqv‘lﬂqiﬂ’]LLuﬂEUa;Jua

Method / Algorithm DT SVM KNN NB
Accuracy (%) 95.89 84.64 81.23 86.89
Precision (%) 94.64 84.60 83.19 86.99
Recall (%) 94.75 83.55 81.85 85.97
F-measure (%) 95.87 83.97 83.21 86.94

nMswanabilunised 6 nudiuundanesiuduliidndula (OT) daanugndes
95.89% ANANULUUEN 94.64% ANAINNTTAN 94.75% A1 F-measure 95.87% AL UUSanasugn
NOTMLINMDTUWUYTY TA1AINYNABY 84.64% AIANLULIIUE 84.60% AIAIUTEAN 83.55% Uay

A1 F-measure 83.97%
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Ussdndmmersdisunuaygg

100

G O — Bh——
50

- F - -

8BS - .
&0
75
70
Accuracy Precson Recall F-measure
—— s ' 1) —— 13

3UT 5. pvidSguiieudsgdniamnisiuundeya

FauvuiadreiedaneTfiuieutiulndig Saraugnios 81.23% Araruisiue
83.19% A1AI1UTEAN 81.85% AN F-measure 83.21% WagdluuudanaInumaidaudwiug
ANMNUYNADY 86.89% AIMILLIUEN 86.99% FA1AIUTEAN 85.97% @1 F-measure 86.94%
deFouiiisulszavsammsduundeyaudalduandlilunsmdagud 5 wiuldiduvuan
Sanesfiuduliwadulafidianugnios Aauusiug) Aawsean wagen Fmeasure gandnds
audanesnuyniia

5. NAN1SALLUNIS
Mnuanslseuisuuseansnnvesdanasiusulidnduladudn 3 9anasiy lown 1)

= v

2anNaSAUTNNBIALINWBS LUTTU (SVM) 2) danasiiaiiautulnanas (KNN) way 3) 8anasiy

q
° v

wiataudnud naasuiduwuudanesiiudulidadulalivsvansamdwundeyalafnianlunnis
Aastaluil A1AIUYNFBY 95.89% AIAINLLLNEN 94.64% ANANTEEN 94.75% Wavel F-measure
95.87% dauanslilunisneit 7

A15199 7. UsEdvSamnisduunvessiuuudanasiudulddndula

Algorithm Accuracy (%) Precision (%) Recall (%) F-measure (%)

Decision Tree 95.89 94.64 94.75 95.87

dmsunennidadnianunsaldlunsduungadinsidualunmsdaduladAnwisedmsuly
Auduuudane3iudulddndula Usenauluaie awndn insaaie s1eldaseunss gidann
Usznnlsaeu wasina anunguassuldindulaliuandlidegun 4
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Snuilanadwsann1sidede suuduundasinsidualunsdndulafnuideloaiisnagns
atfuayunisimdulaliidndnuse Tuguuvuduueundnduiiiannainam C# Weusegiutoya
SQL Server Usgnaulushediuindetugaing uazdusisnuiwiudadasidualalifuimsuas
FiRededddmiusidunsliuinlalduandifegui 6 wagguil 7

~UUaUASUNANGITKL
1L.Us=9Adousio 2.Us=36n1sfinu
do Golsuseu ® vou. (O Ussuli 6
ana vurmlsausSeu
aunUasUs:=ysu ﬁ'as_l
Ju/ifou/U 1in dogan Hoiiacin
e

LRl 278w

e swls swld

UM 6. nihediumssvadinstndnulvl

S1WIUGATASITIFANYIFO

alus Sngwans

8o-ana

urwunsuns aunsing
UIe02070 ASwsosse

UNE20USWIS NAYSTaNT

aw Snemnisnouidamos

o AmmsianIu:

3nemsnovdannos Lo

SngmsaouEnnes 1Ssu

3ngn1saouEdnnos luiSeu

doyadario

JUN 7. wihvedwiunenunsduungadag

71



NIATIMeIEEnsaInnszUs IN 30 aUuil 2 Weunsngiau-suaw 2564

6. dUna
A1579ASIUL

o

ngUstasdiioanandssfeuddmiumsduundaiasidualunisdadule
Anwseifieairsnagvdatuayunsdndulaliiindnude esaneiiudulidadulalunisduun
Faasiidualenndoyadauladiadasfnuvessvdgdunsinuadnu 6,000 sudeu l9deya
80% ndayaismuadmiuldaeuedos uazdn 20% THdmiuneaouiaies FsuszAvsamlums
Fuunvesdanesfinduliiadulatianuuiugigeis 95.89% Mnuennitadgasinsdaszneuse
auin insaade Meldnseunds giiduun UssianlsaFeu uazine Lagiaunszuun1sailun
Fasinsdaaleluguuuuvenivueundinduiiolddmivdumidanaiielfifuesesdloduuniadins

faualumsenduland@nuise
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