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Abstract

People use webbaords as a popular method to share their comments, answers, and questions. Webboards are usually
used in large orginazations and are for useful and effective communication. However, unclassified questions might af-
fect an answer such as no answer or no correct answer. This research proposed an automatic webboard classification
system using text mining which compares three techniques: k-Nearest Neighbor, Decision Tree and Naive Bayes. It
was found that k-Nearest Neighbor is the most effective techniques at 0.89 with Precision at 0.9, Recall at 0.89, and
F-Measure at 0.892.

Keywords: text classification, webboard, text mining, k-nearest neighbor technique, decision tree technique, naive

bayes technique
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Figure 4 Process of Classification model
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Figure 5 Process of System design
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Table 10 Result of k-Nearest Neighbor

J Sci Technol MSU

k-fold Nearest Neighbor Accuracy Precision Recall F-Measure
3NN 88.58% 0.896 0.886 0.888
5NN 86.69% 0.881 0.867 0.870
10-fold
7NN 85.57% 0.872 0.856 0.859
9NN 84.12% 0.865 0.841 0.846
3NN 89.01% 0.900 0.890 0.892
5NN 87.46% 0.886 0.875 0.877
15-fold
7NN 85.23% 0.871 0.852 0.856
9NN 84.72% 0.866 0.847 0.851
3NN 88.32% 0.894 0.883 0.885
5NN 86.69% 0.881 0.867 0.87
20-fold
7NN 85.92% 0.877 0.859 0.863
9NN 83.94% 0.866 0.839 0.845
Table 11 Result of Decision Tree and Naive Bayes
k-fold Algorithm Accuracy Precision Recall F-Measure
Decision Tree 86.09 0.881 0.861 0.865
10-fold
Naive Bayes 86.86 0.898 0.869 0.876
Decision Tree 87.03 0.889 0.870 0.875
15-fold
Naive Bayes 87.38 0.901 0.874 0.881
Decision Tree 86.43 0.879 0.864 0.867
20-fold
Naive Bayes 87.21 0.900 0.872 0.879
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Figure 6 Result of Question classification
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