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Abstract

The COVID-19 pandemic caused severe, multifaceted global impacts. Amidst unclear guidelines from government
agencies, the digital age has allowed individuals to freely disseminate information via social media, leading to a flood
of diverse and unregulated content regarding pandemic management. This research presents the use of cosine similarity
to categorize health news and COVID-19-related news. This classification assists users in better understanding the
situation and utilizing information to mitigate potential pandemic-related risks in Thailand. The research effectiveness
was assessed using datasets from news websites such as Khaosod, Matichon, and MCOT. Experimental results

demonstrate that the classification model using cosine similarity achieved an accuracy of up to 82.50%.

Keywords: Text classification, text mining, cosine similarity, COVID-19
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Figure 1 Research Process.

COVID-19 news classification using cosine similarity algorithm
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Figure 2 Example of the result of word cutting.
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Figure 3 Word Weighs by frequency.
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Figure 4 The effects of common words in COVID-19 news.
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The Department of Disease Control (DDC) reported that Thailand 0.758 COVID-19 COVID-19
ranked 26th worldwide in cumulative COVID-19 cases, with a cumulative

vaccination coverage of 41.6%. The DDC stated that 19 deaths were

reported, including 1 case in Bangkok, 2 in Nakhon Ratchasima, 2 in

Yasothon, 2 in Udon Thani, 1 in Khon Kaen, 1 in Kamphaeng Phet, 1 in

Chanthaburi, 1in Phitsanulok, 1 in Nakhon Si Thammarat, 1 in Chumphon, 2

in Rayong, 1 in Chanthaburi, 1 in Nakhon Nayok, 1 in Prachin Buri, 1 in

Suphan Buri, and 1 in Phetchaburi.

Among the fatalities, 13 were male and 6 were female. Thirteen individuals
were 60 years of age or older, while six were under 60 years of age. Six had
underlying medical conditions, whereas none had a documented

history of chronic disease.

The DDC also reported that, as of 13 June, a total of 15,350 vaccine
doses had been administered. Since 28 February 2021, cumulative
vaccinations reached 138,713,285 doses, comprising 56,860,010 first
doses (81.7% of the population), 52,923,673 second doses (76.1%), and
28,929,602 third doses (41.6%).

The first four countries in the world have officially declared COVID-19 0.713 COoVID-19 COVID-19
an endemic disease, while Thailand is still considering the transition.

The Ministry of Public Health is preparing guidelines for classifying

COVID-19 as endemic.

On 15 June, the Ministry of Public Health stated that the Omicron BA.2
variant generally causes milder symptoms, with declining infection and
mortality rates, although infections among high-risk groups continue to
increase. Dr. Opas Kamkawinpong, Director-General of the Department of
Disease Control, emphasized the importance of receiving a booster

(third) vaccine dose.

For the current situation, 23,618 new RT-PCR-confirmed cases were
reported, with an additional 42,138 positive ATK results, bringing the total
number of new cases to 65,756. Among these patients, 1,131 developed
pneumonia and 325 required mechanical ventilation. Cumulative
confirmed cases reached 734,727, with 18,939 patients hospitalized,
543,184 cumulative recoveries (since 1 January), 223,414 patients still

receiving treatment, and 49 new deaths.

Figure 6 Results from forecasting COVID-19 news data and other health news.
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