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Abstract

In this research to study and compare efficiency in prediction of child and adolescence game
addition in Bangkok. The seven classification methods to efficiency comparison in prediction are k-
nearest neighbor method by IBk algorithm, decision tree method by J48 algorithm, artificial neural
network method by multilayer perceptron algorithm, support vector machine method by
polynomial kernel and SMO algorithm, rule based method by decision table algorithm, binary
logistic regression method and Naive Bayes method. The data are collected by questionnaire. An
efficiency comparison in prediction of seven classification methods by using the maximum of
accuracy, precision, recall, F-Measure and the minimum of mean absolute error and mean square
error. The result of the study efficiency comparison the classification method demonstrated that
decision tree method has the maximum accuracy, recall (class = no), F-Measure (class = no),
precision (class = yes) and F-Measure (class = yes), 92.17 %, 0.976, 0.948, 0923 and 0.842
respectively. In addition, support vector machine method has the maximum recall (class = no),
0.976 and the minimum MAE, 0.0870, rule based method has the maximum precision (class = no)
and recall (class = yes), 0.930 and 0.806 respectively. Also binary logistic regression method has the
maximum recall (class = no), 0.976 and the minimum MSE, 0.0612 but decision tree method has
the best an efficiency five in nine values. Then, decision tree method has the maximum efficiency

in prediction of child and adolescence game addition in Bangkok.

Keywords: k-nearest neighbor method; decision tree method; artificial neural network method;
support vector machine method; rule based method; binary logistic regression method;

Naive Bayes method
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