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Abstract

Recommender systems are crucial for consumers who have too much information about
products and services. The system assists in decision making by presenting the most appropriate
facts to consumers. However, problems, such as data sparsity and cold start, are still encountered
when using the systems. Therefore, certain techniques have been combined with the system in
order to solve the problems and enhance the effectiveness of the recommender system. This
article aims at reviewing existing researches regarding recommender systems that use trust and
expert techniques as well as the combination of the two techniques to develop the

recommender system. The analytical review shows that the combination of the trust and expert
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techniques can solve most of the problems and improve the efficiency of the recommender

system.

Keywords: recommender system; trust; expert
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(Hybrid personal and group trust model) [25]
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2011 IEEE Symposium on Computational
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Making (MDCM): 44-51.

Davoodi, E., Kianmehr, K. and Afsharchi,
M., 2013, A semantic social network-
based expert recommender
Appl. Intell. 39: 1-13.

Deng, S., Huang, L. and Xu, G., 2014,

system,

Social network-based service recom-

mendation with trust enhancement,
Expert Sys.Appl. 41: 8075-8084.

Shambour, Q. and Lu, J., 2012, A trust-
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approach for e-business
Dec. Sup. Sys. 54: 768-780.
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applications,
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Handbook, pp. 1-35, In Ricci, F. et al,
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