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Abstract

This research presents the applying expert concept consideration for recommending items.
The proposed work aims to recommend optimal items to users, which are based on user
preferences. Herein, this work applies 3 major expert identifications as following, (1) network
topology: Considering a user network topology by concerning indegee of users, which is acting as

user reputation level, (2) considering a frequency of item ratings, which is acting as a user-item

*Q’%’Uﬁﬂﬂlauuwmw : thanaphon134@yahoo.com



15ar5mermansiasinalulad

i 25 aviudi 2 A - ey 2560

expertise level, and (3) considering a user like by averaging like rating from other users, which is

acting as user-like rating expertise level. For evaluation, the Epinion dataset is employed to test the

proposed work focusing on accuracy and error of recommending. The results shows that the expert

identification by considering frequency of item ratings applied in the recommendation process

presents the highest percentage of accuracy and the lowest mean absolute error, which are 85.404

% and 0.146, respectively.

Keywords: recommender system; expert; social network; frequency of Item rating; user like
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sim(a,b) =
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Intel Corel7-4702MQ 2.20 GHz. BUI8AIIUIT
YUIA 2GB s¥uulURNIs Microsoft Windows 8
wazlalusiunsu Matlab R2012a 591U Microsoft
SQL Server 2014 lun1svnaes
drunisianatulaldiznisianad
Duiiflen 2 ndu fe anuAanaialunisviiuie
wag Anugneedlun1siuneg [20,21] Fagoluil
(1) AmnuAanaalunisitue 19 2
s e ArAnumanaiadeuduysaliads (mean
absolute error, MAE) wazans1nfiae@asringm
Aa1ALAABURIEIA0LaGE (oot mean square

error, RMSE) Taenanaduaunisiasiadl

1ned P vunede azsuuuiildainnisvitune: R
PUNYDI AZBUUISIVBIAUAY; N BUN889 31U7U
Audranuefiuseiduna Fata 2 33015 Wunisin
ANuAanaIniuLanasiusEnIneAfilaannis
MusuazA93e Insdmnldatesuaniindsd
daueaunsaruglalnalfesanuduass

(2) mugnaedlunisvitune 149 3
78013 Ae ANAINYNARA (accuracy) ANATLUIILEN
(precision) warA1ANsEAN (recall) Inauanadu

v

aunslasadl
TP+ TN
TP+ FN+TN + FP

Accuracy =

TP

p P —
recision —TP T FP

Recall = —
T TP Y FN

Tag9l TP Mu1859 ASNANANISYINUI8WULEIAUAN

Huuazgldanuldidondudniy; FP vunedia nsdin
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Nan1SYUNBLUY I EuA T woigldaulilaien
AUt TNV vaness nsaifinanisvhunglauugi
Audidu warfldeuldldidenauddu, v
wuneds nsdfinamsviunelluusiidudiiu i
fldanildidenaudndu
dmudraugnesIzuani
doduanugnéedlumsvinednindifesiuaiy
Wuasaitesla Aranuwdudidunisfiansanan
ANNLLUE1I89N15YIUNY wazArANsE AN DU
NMSATUIAIAINUATUOIUYDINITY WY

4.2 Han13INAaag

dnfvgldinauenanisnnans lng
uanARdsnanisvanosiusatoya Epinion 1
5 vy FaUszneuse fideingaintoyaieiote
(expert from social network, ESN) E:J:L%EJ’J“UMQ
mﬂmmfﬁ.umﬂﬁmLLuu(expertfromfrequency,
EF) wag fifeavgainanuiesveadfldanduly
32UV (expert from user like, EL) ﬁ&f‘:&zﬂ,‘?}'m‘mm
nanuilunislizuuuuazanauionves
flduduiuiinismuadunsslaaduosai
AdEAFIURAUAT 0.7, 08 LAY 0.9 F9amnsn

WERIKNALARIANTIN 1 DINNS199 5

M3 1 Aedenisindinnuaaanfeuduysaiiade (mean absolute error, MAE)

Measure ESN EF (0.7) | EF (0.8) | EF(0.9) | EL(0.7) | EL (0.8) | EL (0.9)
Chebychev 0.147 0.146 0.146 0.146 0.148 0.147 0.147
Euclidean 0.147 0.146 0.146 0.146 0.148 0.148 0.147
Manhattan 0.147 0.146 0.146 0.146 0.148 0.148 0.147
Minkowsky r=3 0.147 0.146 0.146 0.146 0.148 0.147 0.147
Minkowsky r=4 0.147 0.146 0.146 0.146 0.148 0.147 0.147
Minkowsky r=5 0.147 0.146 0.146 0.146 0.148 0.148 0.147
Minkowsky r=10 0.147 0.146 0.146 0.146 0.148 0.147 0.147
Minkowsky r=50 0.147 0.146 0.146 0.146 0.148 0.147 0.147
Minkowsky r=100 0.147 0.146 0.146 0.146 0.148 0.147 0.147

M990 2 ANLRANITINAIIINTIADIVEIAIAIINAAIALARDUNIAIADLRAY (root mean square error,

RMSE)

Measure ESN EF (0.7) | EF (0.8) | EF(0.9) | EL(0.7) | EL (0.8) | EL (0.9)
Chebychev 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Euclidean 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Manhattan 0.384 0.382 0.382 0.382 0.384 0.384 0.384
Minkowsky r=3 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Minkowsky r=4 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Minkowsky r=5 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Minkowsky r=10 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Minkowsky r=50 0.383 0.382 0.382 0.382 0.384 0.384 0.384
Minkowsky r=100 0.383 0.382 0.382 0.382 0.384 0.384 0.384
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A1 3 ANRBINTINAIAIINQNABY (accuracy)

Measure ESN EF (0.7) | EF (0.8) | EF (0.9) | EL (0.7) | EL (0.8) | EL (0.9)
Chebychev 85.294 85.401 85.401 85.396 85.238 85.252 85.267
Euclidean 85.295 85.397 85.394 85.393 85.231 85.247 85.264
Manhattan 85.287 85.387 85.385 85.382 85.217 85.239 85.253
Minkowsky r=3 85.297 85.404 85.402 85.402 85.236 85.251 85.268
Minkowsky r=4 85.298 85.401 85.401 85.399 85.236 85.250 85.269
Minkowsky r=5 85.296 85.401 85.401 85.398 85.236 85.249 85.267
Minkowsky r=10 85.297 85.400 85.401 85.398 85.239 85.252 85.269
Minkowsky r=50 85.294 85.401 85.401 85.397 85.238 85.252 85.267
Minkowsky r=100 85.294 85.401 85.401 85.396 85.238 85.252 85.267

1999 4 ALRAENTINAIANLLIUEN (precision)

Measure ESN EF (0.7) | EF (0.8) | EF (0.9) | EL (0.7) | EL (0.8) | EL (0.9)
Chebychev 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Euclidean 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Manhattan 0.979 0.983 0.983 0.983 0.977 0.977 0.978
Minkowsky r=3 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Minkowsky r=4 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Minkowsky r=5 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Minkowsky r=10 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Minkowsky r=50 0.979 0.984 0.984 0.984 0.978 0.978 0.979
Minkowsky r=100 0.979 0.984 0.984 0.984 0.978 0.978 0.979

A157190 5 AeansInAIANNsyan (recall)

Measure ESN | EF (0.7) | EF (0.8) | EF (0.9) | EL (0.7) | EL (0.8) | EL (0.9)
Chebychev 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Euclidean 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Manhattan 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Minkowsky r=3 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Minkowsky r=4 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Minkowsky r=5 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Minkowsky r=10 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Minkowsky r=50 0.866 0.864 0.864 0.864 0.867 0.867 0.866
Minkowsky r=100 0.866 0.864 0.864 0.864 0.867 0.867 0.866
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4.2.1 NANTUHAANURAANAIATUNTT
Vune dlefiarsandszansnmainanufinnaie
Tunsvhuesensed 1 way 2 uda wiuldnan
anuAaaLedeuduysaiiads Aldtuiiniulng
\Aefuienannn ESN, EF uag EL A9 0.14 wid
farsaliasBunudmuiinaiilaain EF azdlan
arwfiawantiosiian sderadululfanui
pudlunislinzuuuazdmanauuzidud
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A15VIUE Fa8m15199t 3 B9 5 wda wiuladnan

anugnaeseglusedulndifvsiufeiesay 85

ArAuksiug1agluseau 0.97 fiv 0.98 wagen
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dnsuaruuslugifu nadnsitlaan e Alw
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Seway 85 Armuwiugaglusedu 0.98 FrAIy

sedneglusedu 0.86 wagA1AIINARIALAGEY
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